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Optimal Transport Empirical Results
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Based on the transport plan 7*, [1] proposed to use the Barycentric mapping for domain adaptation: = = =
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The challenge comes from distributional shift: Qg, # Qs.. = = =
1 # j and Qg, # Qr, Vi. Furthermore, the target domainis
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Wasserstein Barycenter Transport [3]. Based on domain
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In [3], we make this bound tight by minimizing the h|ghl|ghted terms on the r.h.s,,
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Perspectives
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= Novelty. We introduce the usage of (free-support) Wasserstein barycenters in MSDA |3, 4].
5 | | 5 | | | = Challenges. Estimating OT in high-dimensional spaces.
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= Future Works. Applying MSDA on fault diagnosis [5], federated dictionary learning [6], dataset

distillation [7].
Dataset Dictionary Learning [4]. Let O

{Qgg}évjl U {Qr} correspond to Ng labeled
sources and an unlabeled target. Let A
a1, ang, angr1), and P = {Pk:}£(1 The P,’s
are an empirical approximation of the point clouds
that interpolate distributional shift and ag
NG i1- For N = Ng + 1, DaDiL minimizes
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